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How do we develop our beliefs?

• Sensory-perception: “I’ll believe it when I see it 
with my own eyes!”
• Social proof: “A lot of other smart people seem 

to believe this…”
• Independent research: Little “r”. Investigative 

journalism; finding evidence, reading primary 
resources. Your term paper.
• Which one of these do you rely on most heavily 

when assessing the truth of something?
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How has computing changed this?

• Today, we’ll cover two ways that are particularly 
concerning:
• Deep Fakes: attacks on sensory-perception
• Fake News: attacks on social proof and research
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Deep Fakes
Attacks on sensory-perception
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What are deepfakes?
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“Deepfakes leverage powerful techniques from machine learning and  
artificial intelligence to manipulate or generate visual and audio content  
with a high potential to deceive” (Kietzmann et al. 2020).

Example: Rowan Atkinson (MrBean)  
unexpectedly stars in a perfume  
commercial (original recorded with  
Charlize Theron).

View the original advert here:  
https : / /youtu.be/VqSl5mSJXJs

View the deepfake here:  
https : / /youtu.be/tDAToEnJEY8

Deepfakes: Trick or Treat?
Deepfakes: Trick or Treat? | Kietzmann, J., Lee, L.W., McCarthy, I.P. and Kietzmann, T.C.

Tom (@deeptomcruise) 
TikTok | Watch Tom's 
Newest TikTok Videos

https://doi.org/10.1016/j.bushor.2019.11.006
https://youtu.be/VqSl5mSJXJs
https://youtu.be/tDAToEnJEY8
https://linkinghub.elsevier.com/retrieve/pii/S0007681319301600
https://www.tiktok.com/@deeptomcruise?


Implications stretch beyond Mr. Bean



Deepfakes matter because:
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Believability: If we see and hear something with our own eyes
and ears, we believe it to exist or to be true, even if it is unlikely.

The brain’s visual system can be targeted for misperception, in
the same way optical illusions and bistable figures trick our
brains.

Deepfakes: Trick or Treat?Deepfakes: Trick or Treat? | Kietzmann, J., Lee, L.W., McCarthy, I.P. and Kietzmann, T.C.

https://linkinghub.elsevier.com/retrieve/pii/S0007681319301600


Deepfakes matter because:
Accessibility: the technology of today and tomorrow, will allow all of
us to create fakes that appear real, without a significant investment in
training, data collection, hardware and software.

Zao, the popular Chinese  app for mobile devices lets  users place 
their faces into  scenes frommovies and TV  shows, for free.

Deepfakes: Trick or Treat?

Deepfakes: Trick or Treat? | Kietzmann, J., Lee, L.W., McCarthy, I.P. and Kietzmann, T.C.

https://linkinghub.elsevier.com/retrieve/pii/S0007681319301600


Advances driven by business interests

• DeepFakes aren’t solely being developed by 
underground hacker groups for fake celebrity 
porn and disinformation campaigns
• They are being developed for business 

purposes as well
• Not just video or image

Copyright 2021 Blair MacIntyre ((CC BY-NC-SA 4.0))



Type Description Current example Business application

Photo
deepfakes

Face and body-swapping
Making changes to a face, replacing  
or blending the face (or body) with  
someoneelse’s face (or body

FaceApp’s aging filter alters  
your photo to show how you  
might look decades from now  
(Kaushal, 2019).

Consumers can virtually try on  
cosmetics, eye glasses,  
hairstyles or clothes.

Audio  
deepfakes

Voice-swapping
Changing a voice or imitating
someone else’s voice.

Fraudsters used AI to mimic a  
CEO’s voice and then tricked a  
manager into transferring
$243,000 (Supasorn  
Suwajanakorn, 2017).

The voice of an audio book  
narration can sound younger,  
older, male, or female and with  
different dialects or accents to  
take on different characters.

Text to Speech
Changing audio in a recording by
typing in new text

Users could makecontroversial  
Dr. Jordan Peterson (a famous  
professor of psychology and  
author) say anything they  
wanted, until his threat of legal  
action shut the site  
NotJordanPeterson down (Cole,  
2019).

Misspoken words or a script  
change in a voiceover can be  
replaced without making a new  
recording.

Deepfakes: Trick or Treat

Deepfakes: Trick or Treat? | Kietzmann, J., Lee, L.W., McCarthy, I.P. and Kietzmann, T.C.

A typology of deepfakes and their
applications
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https://linkinghub.elsevier.com/retrieve/pii/S0007681319301600


Deepfakes: Trick or Treat?

A typology of deepfakes and their applications
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Type Description Current example Business application

Video
deepfakes

Face-swapping
Replacing the face of someone in a
video with the face of someone else.

Face-morphing
A face changes into another face  
through a seamless transition

Full body puppetry
Transposing the movement from  
one person’s body to that of another.

Jim Carrey’s face replaces
Alison Brie’s in “Late Night with
Seth Meyers” interview.

Former “Saturday Night Live” 
star Bill Hader imperceptibly 
morphs in and out of Arnold 
Schwarzenegger in the talk 
show Conan.

“Everybody dance now”shows 
how anyone can look like a 
professional dancer.

Face-swapped video can be  
used to put the leading actor’s  
face onto the body of a stunt  
double for more realistic-looking  
action shots inmovies.

Video game players can insert  
their faces onto that of their  
favorite characters.

Business leaders and athletes  
can hide physical ailments during  
a video presentation.

Deepfakes: Trick or Treat? | Kietzmann, J., Lee, L.W., McCarthy, I.P. and Kietzmann, T.C.

https://linkinghub.elsevier.com/retrieve/pii/S0007681319301600
https://www.youtube.com/watch?v=b5AWhh6MYCg
https://www.youtube.com/watch?v=b5AWhh6MYCg
https://www.youtube.com/watch?v=b5AWhh6MYCg
https://www.youtube.com/watch?v=bPhUhypV27w&feature=youtu.be
https://youtu.be/PCBTZh41Ris


How do DeepFakes & Fake News complicate 
the nature of our democracy?
• DeepFakes can be detected today—but it’s only 

a matter of time before doing so is non-trivial
• What are the implications of that for the future 

of our democracy?
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Already being used for disinformation
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Presentation 19080701 (blackhat.com)

https://i.blackhat.com/USA-19/Thursday/us-19-Price-Playing-Offense-And-Defense-With-Deepfakes.pdf


Fake News

Copyright 2021 Blair MacIntyre ((CC BY-NC-SA 4.0))



Copyright 2021 Blair MacIntyre ((CC BY-NC-SA 4.0))



Defining “fake news”

• Lazer et al. defined fake news outlets as those 
that have the trappings of legitimately 
produced news but “lack the news media’s 
editorial norms and processes for ensuring the 
accuracy and credibility of information.” 
• The attribution of “fakeness” is thus not at the 

level of the story but at that of the publisher.



Fake news spreads faster & farther
• Published in Science – study by MIT Researchers
• Falsehoods & Truths from 2006 – 2017
• Fact checking organizations had to agreement 95-98% of the time
• Truth spread up to 1,000 times; top 1% of falsehoods 1,000 – 100,000
• Politics represented 45,000 of the 126,000 cascades
• 1 account started 4,700 false rumors
• False rumors start with young, unverified accounts with a small following
• Falsehoods contain more novelty than truth
• Bots accelerate true & false news at the same rate; designed to increase 

anarchy in online social systems
• Early studies have shown labeling news as false might increase its spread
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Guarino, Ben. Fake news spreads ‘farther, faster, deeper’ than truth, new study finds. Washington Post picked up by 
The Seattle Times, March 8, 2018.
https://www.seattletimes.com/seattle-news/science/fake-news-spreads-farther-faster-deeper-than-truth-new-
study-finds/.  Accessed March 9, 2018.

https://www.seattletimes.com/seattle-news/science/fake-news-spreads-farther-faster-deeper-than-truth-new-study-finds/


How Does Fake NewsSpread?

Online, especially with Social Media - Sharing of lies, half-truths, omissions, and out of  
context information.

On Twitter, fact checks of misinformation get about four times fewer shares than the  
original falsehood. (Politiscope)

Example:
● Eric Tucker took photos of large groups of buses in Austin, TX
● Tweeted buses were related to anti-Trump protesters, an unverified statement
● Shared thousands of times on Twitter and Facebook
● Maheshwari, S. (2016, Nov. 12). How fake news goes viral. The New York Times.

Retrieved from https://www.nytimes.com/2016/11/20/business/media/how-
fake-news-spreads.html?_r=0

Fake News for the Masses: Evaluating news sources through active learning. Long & HicksCopyright 2021 Blair MacIntyre ((CC BY-NC-SA 4.0))
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Why Does Fake NewsSpread?

Money
● Example: “BREAKING: ‘Tens of thousands’ of fraudulent Clinton votes found in Ohio  

warehouse.”

● Story shared online by 6 million, earned thousands of dollars in Web advertising revenue

● Scott, S. ( 2017, Jan. 1). From headline to photograph, a fake news masterpiece. NYT.com  

Retrieved from https://www.nytimes.com/2017/01/18/us/fake-news-hillary-clinton-

cameron-harris.html

Opinion
● Example: Pizzagate

● Claimed that John Podesta's leaked emails contained hidden messages referring to human

trafficking connected to multiple U.S. restaurants and members of the Democratic Party

● Man shows up at pizza restaurant with weapons to help save the children

● Robb, A. (2017, Nov. 16). Anatomy of a fake news scandal. RollingStone.com. Retrieved from 

https://www.rollingstone.com/politics/politics-news/anatomy-of-a-fake-news-scandal-

125877/

Fake News for the Masses: Evaluating news sources through active learning. Long & Hicks
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Why Does Fake NewsSpread?

Emotion
● Example: GoFundMe scam
● Homeless military veteran’s random act of kindness and a New Jersey couple  

intent on helping him get back on his feet during the holidays
● Inspired people to donate more than $400,000 in an online fundraiser that

went viral
● Campaign was found tobe a lie
● The three were each charged with second-degree conspiracy and theft by  

deception
● Stableford, D. (2018, Nov. 15). New Jersey couple and homeless manwhose

feel-good story went viral charged with GoFundMe scam. Yahoo.com.
Retrieved from https://www.yahoo.com/news/new-jersey-couple-homeless-
man-whose-feel-good-story-went-viral-charged-gofundme-scam-
193432689.html

Fake News for the Masses: Evaluating news sources through active learning. Long & Hicks



Examining Alternative Media Ecosystems

• The paper presents the first study of “fake news”
• The context: in recent years, alternative media 

outlets have appropriated social media platforms for 
their perceived economic and political reach and for 
hosting inaccurate or under-sourced content

• Goals:
• Provide a systematic lens for exploring the 

production of a certain type of “fake news”—
alternative narratives of man-made crisis events
• Examine the production of alternate narratives 

(rumors, conspiracy theories) through Twitter and 
across the external websites that Twitter users
reference as they engage in these narratives



Summary (2)

nodisinfo.com 64 779 192 
nytimes.com 22 759 594 
beforeitsnews.com 55 618 394 
veteranstoday.com 58 615 497 
foxnews.com 13 300 313 
dcclothesline.com 20 286 177 
activistpost.com 33 191 153 
yournewswire.com 32 163 117 

Table 2. Influential Domains in Alternative Narrative Tweets 

Interesting, the two most highly tweeted domains were 
both associated with significant automated account or 
“bot” activity. The Real Strategy, an alternative news site 
with a conspiracy theory orientation, is the most tweeted 
domain in our dataset (by far). The temporal signature of 
tweets citing this domain reveals a consistent pattern of 
coordinated bursts of activity at regular intervals generated 
by 200 accounts that appear to be connected to each other 
(via following relationships) and coordinated through an 
external tool. They were occasionally retweeted from out-
side their group, resulting in many weak connections to 
other alternative media domains. Though we consider this 
domain in our research, we removed its node from our 
network because its bot-driven activity distorts the graph. 
 The InfoWars domain, an alternative news website that 
focuses on Alt-Right and conspiracy theory themes, was 
the second-most tweeted domain, but as (Figure 1) shows it 
was only tenuously connected to one other node. Examin-
ing tweets that referenced this domain, we noted a large 
number (1609) of similarly-named and -aged accounts that 
sent a single tweet in our collection. This activity was very 
likely automated, though not as sophisticated as that from 
The Real Strategy. We were unable to determine who op-
erated this bot—all of the suspect accounts are currently 
suspended from Twitter. 
 The other domains in this list include both mainstream 
media and alternative media. Though both types of do-
mains are cited in the production of alternative narratives, 
our analyses show that they are cited in different ways for 
different purposes. 

A View of the Alternative News Ecosystem 
Figure 1 shows the domain network graph. In this graph, 
nodes are sized proportionally to the total number of tweets 
that linked to the domain, and they are connected when one 
user wrote different tweets citing each domain. In this first 
view, we distinguish domains by media type, with main-
stream media in Purple, alternative media in Aqua, and 
government-controlled media (e.g. RT.com) in Red. 
 80 of 117 accounts in our graph were classified as alter-
native media or blogs. We borrow the term and the mean-
ing of “alternative” from our analysis of the About pages 
of several of these domains, which claim the sites were set 

up as an alternative to “corporate-controlled” media. 
According to them, their method of operation runs counter 
to mainstream media, in that they do not intend to serve as 
traditional information mediators, but instead are here to 
just present “the facts” and let readers use their “critical 
thinking skills” to “make up their own minds”. This lan-
guage is repeated across many of these sites, though some 
of them use slightly different terms such as “independent” 
or “anti-media” to mark their distinction from mainstream.  
 

 
Figure 1. Domain Network Graph, Colored by Media Type 

Purple = mainstream media; Aqua = alternative media;  
Red = government controlled media 

  The graph shows a tightly connected cluster of alterna-
tive media domains (upper left)—suggesting that many 
users are citing multiple alternative news sites as they con-
struct alternative narratives. Within that cluster, the three 
most-highly tweeted and most connected domains are No-
Disinfo, VeteransToday and BeforeItsNews. NoDisinfo is 
a site devoted to providing alternative narratives of terrorist 
events where the primary suspect is affiliated with an Is-
lamic terror group. VeteransToday is an alternative news 
site that promotes a U.S. Alt Right, anti-globalist political 
agenda, including strong anti-Semitic themes. BeforeIts-
News acts as an aggregator of many conspiracy theory and 
pseudo-science articles from other sites. These three sites 
may have different motivations and goals, but they all 
promote alternative narratives of mass shooting events, and 
many of these narratives have very similar elements.  
 This convergence of themes extends to other sites in this 
network and to other topics. For example, a majority of the 
alternative media domains in the graph host various con-
tent that is anti-globalist, anti-vaccine, anti-GMO, and anti-
climate science (themes that may not seem consistent with 

claims. For some sites, this content seemed to be shared for 
entertainment—i.e. driving ad revenue. In others, it seemed 
to be shaped around or utilized in service of a particular 
political agenda. We attempted to disentangle the two, cod-
ing each domain for its “primary” orientation as communi-
cated through the content on the (current) home page of its 
website and its About page, or inferred from the publically-
available biographical information of its owners and writ-
ers. We noted four categories: Traditional News, Clickbait 
News, Primarily Conspiracy Theorists/Pseudo-Science 
Evangelists, and sites with a strong Political Agenda. 
Political Leaning: Finally, we coded the political leaning 
of each domain. It is important to note that the first author 
is a left-leaning individual who receives her news primarily 
through mainstream sources and who considers the alterna-
tive narratives regarding these mass shooting events to be 
false. This may have affected how the content on these 
domains was perceived and classified. 

Leaning Description 
U.S. Alt Right U.S. focused, anti-mainstream media, 

pro-Christian, anti-LGBT, anti-feminist, 
anti-globalist, climate change denying  

U.S. Alt Left U.S. focused, anti-mainstream media, 
anti-corporatist, critical of police, pro-
prison reform, pro-BlackLivesMatter 

International Anti-
Globalist 

Internationally focused, anti-globalist or 
anti-New World Order/Cabal, anti-
corporatist, conspiracy-focused 

White Nationalist 
and/or Anti-Semitic  

primarily white-nationalist or anti-
Semitic positions 

Muslim Defense primarily challenges mainstream narra-
tives of terrorist attacks by Muslims 

Russian Propaganda primarily supports Russian interests, anti-
globalist 

Table 1. Political Leaning of Alternative News Accounts 

 For mainstream sources, we coded each along a spec-
trum of left, left-leaning, center, right-leaning, right and as 
being either U.S.- or Internationally-focused. For alterna-
tive media whose political leanings do not align with the 
U.S. left (liberal) to right (conservative) categories, after 
considerable iteration, we identified three general catego-
ries that could be used to classify most of the accounts and 
three “other” categories that had a handful of significant 
accounts each (see Table 1). We elected to adopt the “Alt-
Right” term, though we acknowledge that it is a dynamic 
and amorphous term that has been applied to obscure con-
nections to the white-nationalist movement (Caldwell, 
2016). For balance, we also utilize an Alt-Left label, and 
indeed we identified a handful of accounts in our set that 
fell into that category. To make these determinations, we 
employed original content analysis and leveraged existing 
categorizations from sites such as mediabiasfactcheck.com. 

Due to considerable thematic convergence across alterna-
tive news sites (around political issues as well as views on 
climate change, vaccines and GMOs), we utilized stances 
on LGBT issues and Black Lives Matter narratives to dis-
tinguish between U.S. Alt-Right and U.S. Alt-Left. 
Interpretive Analysis 
After coding each domain, we then explored patterns, con-
nections, and anomalies across thematic categories in rela-
tion to the network graph using interpretive analysis of 
domain and tweet content. 

Findings 

Alternative Narratives through Tweets and Links 
We collected tweets related to shooting events for more 
than ten months in 2016. This time period included several 
high profile shooting events, including mass shootings with 
civilian casualties at an Orlando, FL nightclub on June 12, 
in a shopping district in Munich, Germany on July 22, and 
at a mall in Burlington, WA on September 23. Each of 
these events catalyzed considerable discussion online and 
elsewhere about the details and motives of the attack—
including claims of the attack being a “false flag”. 
 More than half of our alternative narrative collection 
(30,361 tweets) relates to the Orlando event, including: 
@ActivistPost: "Was Orlando Shooting A False 

Flag? Shooter Has Ties To FBI, Regular At Club, 

Did Not Act Alone? <link1>" 

 This tweet is typical of an alternative narrative tweet, 
leveraging uncertainty in the form of a leading question 
(Starbird et al. 2016) to present its theory. The linked-to 
article—whose title is the content of this tweet—presents 
evidence to support the theory, including facts about the 
case (such as previous contact between the FBI and the 
shooter) and perceived connections to past events that are 
similarly claimed to be false flags. The underlying theme 
here is that the U.S. government perpetrated the shooting 
with the intention of blaming it on Islamic terrorism. This 
tweet’s author, the ActivistPost, is associated with one of 
the central nodes in our network graph (see Figures 1-3), 
referenced in 191 tweets by 153 users and connected (by 
user activity) to a relatively high number of other domains. 
 The following tweet, by an account associated with a 
domain that has a strong edge tie with ActivistPost, for-
wards a similarly themed alternative narrative: 
@veteranstoday: Orlando nightclub shooting: Yet 

another false flag? -  <link2> looks like another 

PR extravaganza <photo> 

                                                
1 http://www.activistpost.com/2016/06/was-orlando-shooting-a-false-
flag-shooter-has-ties-to-fbi-regular-at-club-did-not-act-alone  
 

 Not surprisingly, when we look at connections between 
tweets, accounts, and stance towards an alternative narra-
tive (Figure 2), we see that alternative media sites are gen-
erally cited to promote these theories, while mainstream 
media are A) cited for neutral content as evidence to sup-
port these theories; or B) cited for a denial of the alterna-
tive narrative to promote and/or counter-attack that denial. 
66 of 80 alternative media accounts in our data hosted arti-
cles promoting an alternative narrative of a mass shooting. 
No mainstream media domains had articles supporting any 
of the alternative narratives of mass shooting events and 
seven had articles explicitly denying one or more of them.  
Political Stances of the Alternative Media Ecosystem 
Through in-depth content analysis of the web content 
hosted there, we determined the primary orientation and 
political leanings of each domain in our graph. 44 of 80 
alternative media domains were coded as primarily for-
warding a political agenda. The political leanings of the 
alternative media domains did not align well to U.S.-based 
notions of left (liberal) versus right (conservative). Instead, 
the most salient dimension was around the issue of global-
ism. Almost all of the alternative media domains contained 
significant content around anti-globalist themes, though the 
meaning of globalism seemed to vary somewhat across 
domains, a finding aligned with research that suggests the 
term means many different things to the different groups of 
people who oppose it (Muddle 2004). In our data, anti-
globalist sentiment echoes within the stated motivations of 
many alternative media websites, which claim to challenge 
the corporate (globalist) controlled narratives of main-
stream media. Though few domains explicitly articulated 
their anti-globalism as nationalism, research suggests that 
this theme is a strong organizing theme amongst nationalist 
populist political groups that are gaining power in Europe 
and elsewhere (Muddle 2004).  
 Likely due to the nature of our underlying data, many of 
the alternative media domains in our graph contain consid-
erable material referencing various anti-globalist conspir-
acy theories, including ones that claim high-powered peo-
ple (Illuminati, bankers, George Soros, Jews) are manipu-
lating the media and world events for their benefit. 
 After several rounds of iterative analysis to identify 
commonalities and distinctions across clusters of accounts, 
we identified three prominent political agendas: U.S. Alt 
Right, U.S. Alt-Left, and International Anti-Globalist. We 
recognize that the Alt-Right term is problematic (Caldwell 
2016; Griffiths 2016) as it has been employed to legitimize 
racist ideologies and appropriated by alternative news sites 
like Breitbart as a political tool of right-wing populism. In 
our application, we are both acknowledging those mean-
ings and calling attention to their connection to the content 
and purpose of alternative media. We applied this term to 
domains that had content primarily designed for a U.S. 

audience that were both anti-globalist and socially conser-
vative (e.g. anti-LGBT, anti-feminist, anti-immigrant).  
 We also found evidence of a non-traditional, U.S. left-
leaning political agenda that incorporated anti-globalist 
themes. Though much of the conspiratorial and political 
content on these sites was similar to or the same as content 
on the Alt-Right sites (many articles criticized U.S. Presi-
dent Obama and Hillary Clinton), the U.S. Alt-Left dif-
fered in that it had a liberal/progressive view towards so-
cial issues (e.g. pro-LGBT, pro-Black Lives Matter). 

 
Figure 3. Domain Network Graph, by Political Stance 

Pink = U.S. Alt-Right; Aqua = U.S. Alt-Left; Green = Intl. Anti-
Globalist; Black = White Nationalist/Anti-Semitic; White = other. 

 The International Anti-Globalist domains concentrated 
on geopolitical topics around the world. These sites shared 
a strong focus on challenging mainstream media and the 
political agendas of the U.S. and other Western European 
countries. All contained content that was supportive of 
recent Russian actions in Syria and defensive of Russia’s 
supposed actions to impact the U.S. election. These pro-
Russian themes were also widespread within the U.S. Alt-
Right domains, but they were most salient on the Interna-
tional Anti-Globalist sites. 
  Of the 44 alternative media domains coded as primar-
ily forwarding a political agenda, 22 were U.S. Alt-Right, 
seven were International Anti-Globalists, and four were 
U.S. Alt-Left. Figure 3 shows how those agendas were 
distributed across our domain network graph. In addition to 
these, our data also featured six domains that were primar-
ily promoting White Nationalism and/or Anti-Semitism, 
two that were primarily defenders of Islam and Muslims 
(including NoDisinfo.com), and two that were clearly Rus-
sian Propaganda. There were also two Russian Govern-
ment Media, not counted among the alternative new sites. 

• Strong political agendas underlying many of 
alternative narratives and the domains that 
hosted them

• More than half of the alternative media 
sites were coded as primarily motivated by 
a political agenda— with the conspiracy 
theories serving a secondary purpose of 
attracting an audience and reflecting or 
forwarding that agenda
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Structural diversity in social contagion

• “Many” alternative media sources, but most are 
controlled by the same agencies and groups.
• “False perception of information diversity”

• Why? Seeing multiple sources say the same things 
makes people more likely to believe in something





Objective: sow discord

• Bots and trolls promote radicalizing / polarizing 
opinions, backed by fake or unverified sources, to 
undermine people’s trust in information online.
• Inspired nihilism, learned helplessness
• Combined with confirmation bias, allows people to 

believe and cherry pick their sources and discredit 
any contrary narratives
• Traditional, mainstream media not immune

• But barrier to entry much higher (e.g., the NYT has 
developed a reputation over decades)

• Regulations and norms in industry to verify facts



Deep Fakes X Fake News

• Fake News attacks social proof and undermines 
our trust in journalism
• Deep Fakes attacks sensory perception
• Fake News spread faster than real news —

fewer barriers to entry, fewer regulations and 
norms, collusion networks that bootstrap 
”virality”
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The scope is global
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Winston Churchill
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“A Lie Can Travel Halfway 
Around the World While the 
Truth Is Putting On Its Shoes”



Winston Churchill
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“A Lie Can Travel Halfway 
Around the World While the 
Truth Is Putting On Its Shoes”

Not a real quote
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